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Microblogging Topic Evolution Pattern and Timing Trends of Public Health Emergencies:
Taking Ebola Microblogging on Twitter and Weibo for Example
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Abstract The authors utilize the Latent Dirichlet Allocation (LDA) model and Self-Organizing Map (SOM)
technique to compare and analyze similarities and differences between salient topic categories and characterize
their evolution patterns and temporal trends in microblogs regarding Ebola outbreak in West African on Twitter
and Weibo. Salient topic categories were identified and compared on two platforms. Finally, practical suggestions
were provided for public health emergency response departments according to those characteristics.
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