BREVIIE 2020F58 25415 35 FEERRR

DOI:10.12154/j.qbzlgz.2020.01.009

AEEFAFREPAAEER N A

RREE =EH BEE (EPIrFERE Y K0 430079)

& E: [BRENIL T4 B AR R LS RTR Lt B 0) BT R RIAT T AREE, A A K R
Foif B RN TEXFRTRE S T @eg RN RRAERE fotb e, [FRATREE L AR AAT, 3 4m iR B 3L
FREATEXFRTRAT T GERLATT 9N, S EET F R A SN EI RPN, (ERIE
W18 AT, Se iR B A A KRR B RS F A F R i B A7 LRI F R i LI 5B R 5
KA W 25 3 Blg Ao f R R FE T @ AR IR BB @A A TA BB, i sk mh 2 b st % 5748 X #F
GOF ARG P RBAT ML SHAR T KRR 7 &,

KR in B EXRFATR  FARIRAEE

A Summary of Research on the Application of Knowledge Graph in Online Academic Resources
Xiong Huixiang  Jing Ziwei Yang Mengting
(School of Information Management, Central China Normal University, Wuhan, 430079)

Abstract: [Purpose/significance] This paper sorts out the application research results of knowledge graph in online
academic resources in recent years, in order to provide reference and reference for the further study of the application
of knowledge graph in online academic resources. [Method/process] Through literature research, this paper analyzes
the application of knowledge graph in online academic resources research in recent years, and organizes the research
situation in the process of constructing academic knowledge graph. [Result/conclusion] At present, the application of
knowledge graph in online academic resources focuses on academic knowledge graph, scientific literature recommenda-
tion, academic knowledge discovery, semantic publishing, academic social networks, scholar portraits and academic re-
source sharing, but the depth of research is still in the early stage. Based on these foundations, the problems existing in
the current research are expounded, and the future research directions are pointed out.
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